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I. BIGȱDATAȱ

Inȱ Octoberȱ 2013,ȱ Bersinȱ byȱ Deloitte,ȱ releasedȱ aȱ studyȱ indicatingȱ thatȱ itsȱ reviewȱ ofȱ
approximatelyȱ480ȱcorporateȱorganizationsȱrevealedȱthatȱmoreȱthanȱ60%ȱwereȱinvestingȱ
inȱBigȱDataȱandȱanalyticsȱforȱHumanȱResources.1ȱAtȱtheȱsameȱtime,ȱBersinȱfoundȱthatȱonlyȱ
14%ȱhadȱdoneȱanyȱsignificantȱ�statisticalȱanalysis�ȱofȱemployeeȱdataȱandȱaȱmereȱ4%ȱhaveȱ
developedȱtheirȱsystemsȱtoȱtheȱpointȱthatȱtheyȱareȱableȱtoȱengageȱinȱ�predictiveȱanalytics�ȱ
(e.g.,ȱdeterminingȱthatȱpriorȱtenureȱpredictsȱturnoverȱbetterȱthanȱdegreeȱorȱschool).2ȱTheȱ
remainingȱ84%ȱareȱstillȱdealingȱwithȱdataȱmanagementȱandȱ reporting,ȱ tryingȱ toȱmakeȱ
senseȱofȱtheȱmountainȱofȱavailableȱinformationȱandȱdeliveringȱbothȱadȬhocȱandȱstandardȱ
operationsȱreports.3ȱȱ

Althoughȱthereȱareȱmany,ȱmanyȱmoreȱavailable,ȱthisȱpaperȱbeginsȱwithȱaȱbriefȱ lookȱatȱ
reportedȱ examplesȱ ofȱ companiesȱ applyingȱ dataȱ analyticsȱ toȱ theȱ realmȱ ofȱ peopleȱ
managementȱandȱhumanȱresources.ȱ

A. In Practice 

1. Bank of America 

BankȱofȱAmericaȱinvitedȱDr.ȱBenȱWaber,ȱvisitingȱscientistȱatȱMITȱandȱPresidentȱandȱCEOȱ
ofȱSociometricȱSolutions,ȱtoȱconductȱanȱinȬdepthȱstudyȱofȱ80ȱBankȱofȱAmericaȱcallȱcenterȱ
employeesȱ spreadȱ acrossȱ fourȱ teamsȱ atȱ aȱ singleȱ callȱ centerȱ toȱ identifyȱ factorsȱ thatȱ
correlatedȱwithȱ jobȱ stressȱ andȱ performance.4ȱ Theȱ studyȱ tookȱ placeȱ inȱ threeȱ phases:ȱ
(1)ȱinitialȱmeasurementȱofȱtheȱcallȱcenterȱteams,ȱanalysisȱofȱtheȱresults,ȱandȱproposalsȱforȱ
workplaceȱchanges;ȱ(2)ȱaȱnormalizationȱperiodȱofȱthreeȱmonthsȱtoȱpermitȱforȱtheȱchangesȱ
toȱbecomeȱaȱ routineȱpartȱofȱwork;ȱandȱ (3)ȱ reȬmeasurementȱ toȱgaugeȱ theȱ effectȱofȱ theȱ
changes.5ȱȱ

Toȱ takeȱ theȱ �measurements,�ȱWaberȱ andȱ hisȱ fellowȱMITȱ researchersȱ usedȱ advancedȱ
�SociometricȱBadges�ȱaboutȱtheȱsizeȱofȱaȱpackȱofȱplayingȱcardsȱandȱcapableȱofȱcapturingȱ
vastȱ amountsȱ ofȱdataȱ regardingȱ theȱ activitiesȱ ofȱ theȱwearer,ȱ includingȱ theȱ contentȱ ofȱ
conversations,ȱpreciseȱphysicalȱmovements,ȱandȱtheȱuseȱofȱdoorsȱandȱotherȱdevicesȱkeyedȱ
toȱ itsȱ infraredȱ sensor.ȱWithȱ theȱ dataȱ analysisȱ algorithmsȱ builtȱ intoȱ theȱ badge,ȱ eachȱ
SociometricȱBadgeȱisȱcapableȱofȱsavingȱtheȱequivalentȱofȱoneȱyearȱofȱbehavioralȱdataȱontoȱ

ȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱ
1ȱhttp://marketing.bersin.com/highȬimpactȬtalentȬanalytics.html.ȱȱ
2ȱId.ȱ
3ȱId.ȱ
4ȱBenȱWaber,ȱPeopleȱAnalytics:ȱhowȱSocialȱSensingȱTechnologyȱWillȱTransformȱBusinessȱandȱWhatȱItȱTellsȱ
UsȱaboutȱtheȱFutureȱofȱWork,ȱFTȱPressȱ(2013).ȱ
5ȱWaber,ȱPeopleȱAnalytics,ȱp.ȱ80.ȱ



Pageȱ2ȱofȱ48ȱ
ȱ

aȱ4GBȱSDȱ card.6ȱWaberȱandȱhisȱ teamȱalsoȱ capturedȱ emails,ȱ callȱ records,ȱandȱBankȱofȱ
Americaȱproductivityȱdata.7ȱ

Waber�sȱreviewȱofȱtheȱemailȱdataȱshowedȱanȱalmostȱboxȬforȬboxȱreproductionȱofȱBankȱofȱ
America�sȱ organizationalȱ chart,ȱwithȱ littleȱ toȱ noȱ communicationȱ occurringȱ viaȱ emailȱ
betweenȱpeers.8ȱReviewingȱcallȱ records,ȱWaberȱandȱhisȱ teamȱ foundȱemployeesȱonȱ theȱ
phonesȱinteractedȱwithȱthreeȱotherȱemployeesȱonȱaverage,ȱalmostȱallȱofȱwhichȱwereȱotherȱ
peopleȱonȱtheȱsameȱteam.ȱInȱtermsȱofȱproductivity,ȱtheȱdataȱshowedȱitȱtookȱemployeesȱanȱ
averageȱofȱ263ȱsecondsȱtoȱresolveȱaȱcustomerȱcall.ȱFinally,ȱemployeesȱreportedȱaȱmoderateȱ
amountȱofȱ stressȱ (3.07ȱonȱaȱ scaleȱofȱ1ȱ toȱ 5,ȱwithȱ5ȱbeingȱ theȱmostȱ stressed).ȱNotably,ȱ
employeesȱreportedȱthisȱlevelȱofȱstressȱallȱtheȱtime.9ȱ

Waberȱandȱhisȱteamȱhypothesizedȱthatȱcohesion�thatȱis,ȱtheȱwayȱtheȱpeopleȱtoȱwhomȱanȱ
employeeȱ spokeȱ connectedȱ withȱ eachȱ other�wouldȱ correlateȱ positivelyȱ withȱ
performanceȱandȱnegativelyȱwithȱstress.ȱConceptually,ȱaȱ�cohesive�ȱnetworkȱlooksȱlikeȱaȱ
webȱwithȱtheȱemployeeȱatȱtheȱcenter�manyȱconnectionsȱbetweenȱeachȱofȱtheȱpeopleȱwithȱ
whomȱtheȱemployeeȱisȱspeaking�whileȱaȱ�diverse�ȱnetworkȱlooksȱmoreȱlikeȱaȱstar,ȱwithȱ
linesȱ emanatingȱ fromȱ theȱ employeeȱ toȱothersȱbutȱwithoutȱ connectionsȱbetweenȱ thoseȱ
others.10ȱ

Afterȱreviewingȱtheȱdata,ȱWaberȱandȱhisȱteamȱfoundȱthatȱcohesionȱwasȱbyȱfarȱtheȱmostȱ
significantȱ factorȱ inȱ regardsȱ toȱ productivityȱ andȱ stress,ȱ havingȱ roughlyȱ 30ȱ timesȱ theȱ
impactȱofȱexperience.ȱWaberȱandȱhisȱteamȱalsoȱexaminedȱfaceȬtoȬfaceȱinteraction,ȱnetworkȱ
centrality,ȱandȱdegree,ȱbutȱnothingȱhadȱtheȱsameȱimpactȱasȱcohesion.ȱByȱreviewingȱeachȱ
ofȱ theȱ individualȱ interactionsȱ andȱ thenȱ overlayingȱ themȱ withȱ locationȱ andȱ timeȱ
information,ȱWaberȱ andȱ hisȱ teamȱ furtherȱ determinedȱ thatȱmostȱ cohesionȱwasȱ beingȱ
generatedȱnotȱduringȱformalȱmeetingsȱorȱinformalȱdiscussionsȱatȱindividualȱworkstationsȱ
butȱduringȱtheȱbriefȱperiodȱofȱoverlapȱbetweenȱtheȱlunchȱbreaksȱofȱemployeesȱonȱtheȱsameȱ
team.11ȱȱ

Toȱtestȱtheȱfinding,ȱWaberȱandȱhisȱteamȱrecommendedȱthatȱtheȱbreakȱstructureȱforȱtheȱ
fourȱ teamsȱbeingȱstudiedȱbeȱchangedȱsoȱ thatȱemployeesȱonȱ theȱsameȱ teamȱallȱhadȱ theȱ
sameȱ15Ȭminuteȱcoffeeȱbreaksȱduringȱtheȱday.ȱTheȱassumptionȱwasȱthatȱifȱanȱemployeeȱisȱ
onȱbreakȱwithȱhisȱorȱherȱteam,ȱtheȱemployeeȱwillȱtalkȱtoȱtheȱpeopleȱtheȱemployeeȱregularlyȱ

ȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱȱ
6ȱId.ȱpp.ȱ8Ȭ15.ȱ
7ȱId.ȱp.ȱ83.ȱ
8ȱId.ȱp.ȱ83.ȱ
9ȱId.ȱp.ȱ84.ȱ
10ȱId.ȱp.ȱ60.ȱ
11ȱId.ȱp.ȱ85.ȱ
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